Evaluating Twitter’s Algorithmic Amplification
of Low-Credibility Content: An Observational
Study - Supplementary Materials

1 Baseline Stratification - Quantile-based Dis-

cretization

To facilitate the analysis in this study, it was necessary to reduce the overall
complexity of the data by clustering the stratification variables into well-defined
and comparable bins capturing different clusters for engagement and followers
counts profiles. For this purpose, this study relies on quantile-based discretiza-
tion, an approach that divides the data into similar-sized buckets based on
existing quantiles. For the discretization of engagement and followers data, it
was observed that by leaving the number of bins free to vary, this converged at
4 bins, which can be considered a division into four clusters, one with the low-
est values, (bottom 25%), one with medium values (25 to 50%), one with high
values (50 to 75%) and finally a cluster with very high values (75 to 100%). In
order to minimise the impact of outliers while binning the data, follower counts
and total engagement were initially normalised using a logarithmic scale, which
ensures that the bins created are less skewed by outliers. Nonetheless, as it
can be expected, the distribution following traditional social media power laws,
where the bin containing very high values has a larger range of values. This was
not considered concerning, particularly as the use of bootstrapping with a high
number of iteration should minimise any such imbalances in the data. Detailed
information on the characteristics of each cluster can be found in Tables 1 to 4
below.



1017 £6L872T L8ESTEY e jrdsd £660T6T 9 4 709 91799 6 € €
£20€T 8TEOTRE TrISTLY L167 18¢ 9802T €1 i 8T 8 € 4 €
%296 0185221 L8E5TEY 6927 114 2095 € 1 o1 4 1 T €
62L 8I1eSE L8ESTEY LTy <1 €592 0 0 00 0 0 0 €
0228 01622 912r 2001 feied LLY08 8L 91 €0¢ 0¥ 6 € z
8961 8'891C L0k L¥6 19 €18 Il 4 a2 8 € 14 [4
CPILT €°2008 ey Lv6 61 VL T 1 €1 4 1 1 4
€061 07902 602y W6 8 268 0 0 00 0 0 0 4
L8¥ 706 <91 86€ 8'8GET 92IF1 1L L '8¢ (& 6 € T
oLy 866 <91 ag 568 0201 4 4 Ty 8 € 14 T
L0V 6£6 991 L1 192 €8¢ 0 T €1 14 1 T T
607 8€6 991 9 6 €492 0 0 00 0 0 0 T
901 961 € 629 97GTT ETE 0 81 [ g 6 € 0
L9 o1 id [ 6E1T €99 14 € 6¢ L € z 0

54 o1 0 91 81T 169 0 T €1 z 1 T 0

e o1 0 v 9L 16 0 0 00 0 0 0 0
URIPOUISIOMO[[0]  UROUISIOMO[[0]  XUUISIOMO[[0]  UIMISIoMO[[0]  uerpoursuorssordur  uvoursuorssorduny  xewrsuossoxdur  unrsuorssoadury — werpour uwour wur ur 1980 10981 SI0MO][0]

AqIper) Mo eyew[) - SuLLISNL) T OqYL



LEOVE
G0gST
80STT

o

P'8IT0ES
£'66£5€ET
LPG89L
075168
R'GRET
T11ee
V'8VIC

LTEB667S
TPPP8OvT
8CTEOLY

o1

P

reet
67E
et

91TLLTT
09¢vT
LS
5607
E1EETT
€LOST
8798
LUTT
65LE9T
GISTT
TrLt

©
mnocooo =

- )
docoocwmo—

coco

© = 1

CHTCoO Y mOo T HOo 1A

95L

[4

€e1e

oo

=

o~

MO AN MO NN MmO~ ™

EEE

nomm

B

~

Coo O -~

URIPOUTSTOMOT[O]

UROUISTOMOT[O]

XBUISIOMO[[O]

U STOMO[0]

werpoursuogssoaduy

ot suorssoaduy

eursuorssoaduy

ururs:

werpaur

ueaur

Xeur

urur

To)sn

19)SN[OSIOMOT[O]

AIqIpaIy) YSTH erewy[)) - Sul)sn)

‘G °198L



60108 1°0T9861 G661 GRPTPT 0 62 9°01¥ 099701 9 €
3239 98G98 14 € 0¢ < 4 [4
SIEY LT88YT e 0 1 0T 1 1 T
GILE G68ITT ot 0 0 00 0 0 0

8el STPET LT 91 [t [ald 890€ 9 € 4

jauns €geet €€ 0 4 8T g 4 [4 [4

G9v0T TO8TIL L1 0 T 0T T T T 4

[agans L 0 0 00 0 0 0 4

68T jas 6 e ¥6TT 9 € T

0g T 4 Le < 4 [4 T

2! 0 T 0T T T T T

14 0 0 00 0 0 0 T

€6 0ve L6LVT 9 6 3 c0z 9 € 0

€6 (a8 8LLT T 4 9T < 4 [4 0

€6 ct 8L 0 T T T T T 0

€6 € €161 0 0 0 0 0 0 0

URIPOUISIOMO[[0]  UPAUISIOMO[[0]  XRUISIOMO[[0j  UIUI'SIOMO[[0}  URIpOUT uvoursuossoadurr  xeursuogssorduwt  upur du  uerpour ueour xeur 10JSN[I"SIOMO[0]

AYMQIPO1) MO Pra0)) - SULLISILD ¢ O[qRL



66T 60T128¢ 6592681 017 291 STSETT COTSRTE 0 @ 062601 9 € €
€136 L08925T CE662002 0172 9LT vLve Z8ETT 0 € ¢ [4 4 €
2689 69.629 VOTISIVT 017 69 1992 SL6L 0 i i 1 1 €
P19 0080268 017z 62 9031 P6IR 0 0 0 0 0 €
9131 128 e ELET 65699€ 0 43 891 9 € z
911 126 9 0801 VL6 0 € ¢ 4 4 [4
4883 126 4 9P 1618 0 T T T 1 4
et L2¢ €1 98 I8¢ 0 0 0 0 0 4
€92 6 62 ¢6E01 1299€1 0 01 612 9 € 1
veT 6 a4 0'¢6 L1LL 0 4 < 4 4 T
9092 6 0z 068 S8T0T 0 T T T 1 T

T6%e %6 6 1261 0 0 0 0 0 T

%4 0 0.8 SPL6 0 6 828 9 € 0

£6¢ 0 8¢ 1189 0 4 ¢ 4 3 0

T 0 L L1808 0 T T T 1 0

L8 0 9 ver 2862 0 0 0 0 0 0

UOUCSIOMO[[0] XU SIOMO[[0]  UIUISIoMO[[0) | UBIpour suorssoadu | uvour suorssoaduwy  xeursuossoadun | urur suofssoady | werpout o xeur un Togmy T3S S1omO[[0]

ANMIQIPaI) YSTH Prao)) - Sulsuy) :j S[qel,



2 Distribution of Engagement and Followers Data

To complemented the information provided above, this section presents the log-
log plots for the distribution of engagement and followers data.
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Figure 1: Log-Log Plot of Tweet Volume Versus Total Engagement for high-
credibility and low-credibility COVID-Related Content
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Figure 2: Log-Log Plot of Tweet Volume Versus Total Engagement for high-
credibility and low-credibility Climate-Related Content
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Figure 3: Log-Log Plot of Tweet Volume Versus Total User followers for high-
credibility and low-credibility COVID-Related Content
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Figure 4: Log-Log Plot of Tweet Volume Versus Total User followers for high-
credibility and low-credibility Climate-Related Content

3 Political Bias Annotation with the GPT-4 API

The political bias of URL domains was annotated using a custom-built zero-shot
classifier, utilising the GPT-4 API. To achieve high replicability and to minimise
the influence of randomness in responses, the temperature parameter was fixed
at 0. The classifier was instructed through a system message: You are an
assistant tasked with helping users identify the political bias of websites’. The
main prompt used for bias assessment was formulated as follows: ” Evaluate the
political bias of the website '"domain’ using the labels "far-right’, 'right’, 'neutral’,
left’, 'far-left’. If you lack information about the website, assign a score of -17.
An example of the expected data format was provided to the model, though it
was not shown any specific examples of the labelling task itself. This step was
critical to ensure the clarity and uniformity of the data output.



