
Evaluating Twitter’s Algorithmic Amplification

of Low-Credibility Content: An Observational

Study - Supplementary Materials

1 Baseline Stratification - Quantile-based Dis-
cretization

To facilitate the analysis in this study, it was necessary to reduce the overall
complexity of the data by clustering the stratification variables into well-defined
and comparable bins capturing different clusters for engagement and followers
counts profiles. For this purpose, this study relies on quantile-based discretiza-
tion, an approach that divides the data into similar-sized buckets based on
existing quantiles. For the discretization of engagement and followers data, it
was observed that by leaving the number of bins free to vary, this converged at
4 bins, which can be considered a division into four clusters, one with the low-
est values, (bottom 25%), one with medium values (25 to 50%), one with high
values (50 to 75%) and finally a cluster with very high values (75 to 100%). In
order to minimise the impact of outliers while binning the data, follower counts
and total engagement were initially normalised using a logarithmic scale, which
ensures that the bins created are less skewed by outliers. Nonetheless, as it
can be expected, the distribution following traditional social media power laws,
where the bin containing very high values has a larger range of values. This was
not considered concerning, particularly as the use of bootstrapping with a high
number of iteration should minimise any such imbalances in the data. Detailed
information on the characteristics of each cluster can be found in Tables 1 to 4
below.
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2 Distribution of Engagement and Followers Data

To complemented the information provided above, this section presents the log-
log plots for the distribution of engagement and followers data.

Figure 1: Log-Log Plot of Tweet Volume Versus Total Engagement for high-
credibility and low-credibility COVID-Related Content

6



Figure 2: Log-Log Plot of Tweet Volume Versus Total Engagement for high-
credibility and low-credibility Climate-Related Content

Figure 3: Log-Log Plot of Tweet Volume Versus Total User followers for high-
credibility and low-credibility COVID-Related Content
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Figure 4: Log-Log Plot of Tweet Volume Versus Total User followers for high-
credibility and low-credibility Climate-Related Content

3 Political Bias Annotation with the GPT-4 API

The political bias of URL domains was annotated using a custom-built zero-shot
classifier, utilising the GPT-4 API. To achieve high replicability and to minimise
the influence of randomness in responses, the temperature parameter was fixed
at 0. The classifier was instructed through a system message: ’You are an
assistant tasked with helping users identify the political bias of websites’. The
main prompt used for bias assessment was formulated as follows: ”Evaluate the
political bias of the website ’domain’ using the labels ’far-right’, ’right’, ’neutral’,
’left’, ’far-left’. If you lack information about the website, assign a score of -1”.
An example of the expected data format was provided to the model, though it
was not shown any specific examples of the labelling task itself. This step was
critical to ensure the clarity and uniformity of the data output.
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